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1. Deep Learning-Based Crack Damage Detection Using Convolutional Neural
Networks "
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Fig. 1. Flowchart for detecting concrete cracks.
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2. Automated Vision-based Bridge Component Extraction Using Multiscale
Convolutional Neural Networks '*?
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3. Application of Crack Identification Techniques for an Aging Concrete Bridge
Inspection Using an Unmanned Aerial Vehicle **?
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Figure 4. Schematic of the deep learning architecture
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Table 2. Results of crack quantification.
Crack Thickness (mm)  Crack Length (mm)
C-1 1.92 48.68
C-2 1.10 60.09
C-3 1.10 27.94
C-4 1.37 48.59
C-5 1.37 17.08
C-6 1.92 63.56
C-7 247 78.43
C-8 1.59 6.60
c-9 1.10 35.01
C-10 053 30.79
e C-11 0.55 19.96
Marker 2 Cc-12 0.55 8.32
Figure 8. Besults of crack (C) det
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4. Bridge Sub Structure Defect Inspection Assistance by using Deep Learning '
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5. Deep-Learning-Based Multiple Defect Detection Method for Tunnel Lining
Damages !
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6. Deep Learning-based Visual Defect-inspection System for Reinforced
Concrete Bridge Substructure: A Case of Thailand’s Department of Highways
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