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Abstract:

This study aims at proposing a generalized process of social media mining and sentiment analysis to sense
commuters’ daily travel satisfaction. Firstly, available social media websites are chosen to perform text mining and
filtered text database related to daily travel topics by using crawler systems. Secondly, a sentiment analysis is
conducted to propose a multiple emotion recognition model which can be used to sense commuters’ emotions about
public transportation vehicles including high speed rail, commuter rail, mass rapid transit, urban bus, intercity bus,
specific bus and taxi by using Convolutional Neural Networks (CNN) algorithm from deep learning. Thirdly, an
empirical study is performed to validate commuters’ daily travel satisfaction towards different public transportation
vehicles with a five-grade-scale emotion recognition survey. Finally, influence factors depicting interrelationships
among critical topics concerned public transportation services in social media mining are clustered with K-means
algorithm and corresponding strategies to improve negative emotions against certain public transportation services
are also provided. Empirical results show that the precision percentage of proposed model to verify critical variables
of commuter’s public transportation satisfaction approximates 79% under five-grade scales. Either commuter or
commercial trip purpose arrivals at destinations on time are much concerned by public transportation commuters.
Driver behavior and timetable are also valued by public transportation commuters. It is recommended that operators
should pay more attention to adjusting timetable and conducting systematical driver training programs for better
emotions. In addition, fare topic is not significant for public transportation commuters that means current fare
structures of public transportation are relatively acceptable by commuters. The proposed generalized process of
social media mining and sentiment analysis in this study can be expanded with adequate modifications or
improvements to grasp real-time information about net citizens’ emotion trends for decision makers.

According to “TKU Personal Information Management Policy Declaration, the personal information
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HileFes s 2 d e BAzed £ w5 (Topic) » 7 # (Holder) ~
mﬁ@mmﬁﬁﬁﬁmmmmoém%iﬁiﬁﬁaiﬁﬁ’%iiﬁﬁﬁﬁ#

HERBLIEF L2 LALEFEF 5 HFR

TR AR LEY p RFT AL 7 EFT Ffor 2845 2 247 &
l%q*—ﬁﬁ%"-%—i??%im%fif‘—}i\s)’ix"‘#ﬁ%ﬁ;%‘éx%%—“ﬁ A BRLEETR R S @
E 2l DAY R A

7 1 A};}’
F s 23
Ko aEz e $ 803 0 8- HHR R AR FRFALENLLL TR Q@

HEATwmE TONERGE SR 5
) FH(ER)E P 2R o P AR RS A 472 02 A & A4V o
F 23T AEF AT A TIEARR] R ES Y AR S BE T 1
Al gz 2R f ¥ Y SR ALY R AT R A 2
BURAR EF AR 2 RS E R A 2R 2R E M 2
B FEAR AR A ERE R RARESRN Y ARRITE PR

Bt oM s IS AJTAEL Y ARSI BT AT &
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e AR MR P EA LI TR AL R A A

EX]

3 hIARL ARIUR S R AT 2 BT Y A2 R e R R A

13 GRFERY AP FRFES  ZY AFR AT A FTE S o

WREA1ried &% chjird 87 % 4 4 F 3¢ (Supervised) g7 2£ £ &3¢ (Un-
supervised) = f& > £ sV A T * e fRsrz 2 A (Training Dataset) 3" st
AR AR SRS SRR R R RO 4 57 o Pang & 4 (2002)
Wiebe % 4 (2004) ~ Melville % 4 (2009) ~ Chiu % 4 (2013)% P~ E B § ¥ = iz
EY AR AT LERGNERE AR Y G R PR AR 2R
BFER 2 &~ f % oo Hu {r Liu(2004)¢ Cilibrasi {r Vitanyi(2007) * 25 4
FEY G ZEFFR A 17Pang & 4 (2002)F E @ PR 2 AL 5 R MR 2

TR EELCANES A e B RS NE HRR TR AR M

=t

LA
3B

—

T f e A B2 AR e 2 1 e fop e Ry L
34 5 Turmney(2002)# I M AE AR B Y EZFE AV 2 e s f o TR LM
B o f R FRTFZ N BB EFFR e AR ST
FEM R ATA f oo F]P P w RRREETHE A T2 AT 0 B2 Pang £ (2002)
FI*FERWEEY P FEEAZLFRE AL AL 32 nd RERFABEFY
g A R ARy RERSBEEVR AN EIFEZ SR NF - T
AFTERBETREFSABESY 2 O NEFLER B A IR S 7 Ea

R RER RS IR LR S R ST

223 HRmy

FR AU SR A - B ] MEEA ML 5 R R A

=

4~

Rl

(B~ i d 2)R- A(Ld s fo) = AHR AT BN RE AN

Ji

™

)
Mgk o A EEFFNEEEF B Be &G BT BEE) > Carlo
Strapparava % * (2008) /& * 7 R ~ 17(Latent Semantic Analysis, LSA):#-<

AR B AR R RE S B E IR F {0 F (Anger, Disgust,
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Fear, Joy, Sadness, Surprise) - #-250 £ ® {4t~ *:& 7 #5024 > 12 ¥ b 1000
1 1% 5 %% - Mohamed Yassine # 4 (2010)# * & £ 5% K-means # #/% & iz -
R s r g B~ FG =X s B (Smiling, Sad, Joking, Kissing)

AEFTEEET T RBERER FISL AT ELTEL FRBYEY

23 R(2016)= ~ R A AT HEES 2D L lmde 2 § R R L] -

H72 78 A (IE)F LN ST E AR HLMEN A IR AR SRS
A FCR RG] o BB (2 (2015)3% i e B BT 4 47 H A B AR R R EGTRE
FaAT 0 AR R RRIEAT 2R R AR T A AU
Fm B et o S R(Q016)F1* = Ak KR A iR e mhe Aig A
IR I LRl O g £ ot o

RAL  AFRH Y ATHEFE AT T REF Y PR TS i

’

g RAEFRA Y A o 21w

B4 o

23 P ¥FRRABILE

~

¥ ﬁﬁ*'a?i'%ﬁﬂwﬂ R RISV R - R

ﬁk
Jul
-.u

R
qoo
m@ fJ

ke

FH I A RPER A RFE S Fhept s Y Fo A E R EEE
LP By 925 S8 ¥ i o Gronroos(1982):% & PRI 5 F A1)

T H Y PRAR B R L RIS HRLIrZ Wi A 4 e /}J z}i_#fi-i PR A2 70 4}5 Hp

i

% & % (expected quality) » ¥ =< JR7%{5 0] € & 2 5% & F (experienced quality)
& % Wz 15 g I - BARE > Lz 5 RIS T (total perceived quality) o

'&F%I‘in%;r%?éf']gp %ﬁ‘ E] gp.x_&frr’r’%ﬁk‘&"‘m’ F Z EJTEL
2105 £ Fp F R FERRAE AN iR FEELELD | F
R FEF R P D ALEL DL EEIIRL AN AR 2L Fh DR

FE-AA TSR EEREBRLAR 2 K F A T R KT E R RR TR

2

A ER SS S EEIGHE TR FE g o NETI RS 2R F R
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<

Z B PR ERABEBELFEDN N NP ERAP R - P (F- 18T
Heopg b g s BT 20 A efrhd Brat 2 s 288 ol 51
05297 27p 212" 31p HERFFEBR LA ARREFTEPH
Fookf A S 4H 246 4 0 B 95% R RIET o R HRGEL S+ 049 BE A B

105 & % Boek dise=x péns 0 T 9 438%B % > BB 5 T BAEH
16.3% ~"ps | 156.2% ~T R fF* | 129% > 2 T & | 7.7% > 4B 2.1 #7177 o £ B
PR TR AET R P PR P mAFRTHERNHE R S

TR e B T EA R

SHE 9
24%
\\ BAED

B 16.3%

1.6%

R
12.9%
wmE
438%

W21 % Rkt f e o

%i@%”EWJﬁ‘u%’lOSE AR D EF R AR TR TR APREE
AACHY TH B R R P ASRER | T76.6% F0 TARA Y 44
WhiFE L 527% A S HFE A T AE k=0t 23.8%B% 0 HAAZR A L TR
B, 181% T #8 | 17.9% > 4o 21577 o d X S &7 (B, D EIFE
PR ERGLRI P TR, 2 THPE o & A HE TR R

NEER TR p i TG A TEaE 2 T PR 2 A ALHEAE Y A o
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R %
AL on | wES | EE | XSG | M | BAEE | HH
it 100.0  100.0 100.0 100.0 100.0  100.0
2SR 17.9 23.8 9.6 7.7 15.2  18.1
JE 48 E S 5.5 2.0 0.6 16.2 .7 29.2
A M) E L 76. 6 4.2 89.8  76.1 7.1 52.7
105 p ¥ faorFBEDARY > 5 B O39%H > LFE 2 JRIZ4A T

4

M FHMOXFE PRI A RRIF LI NN o IeR] 2.2 7w ’Xs;'—r:}zf—]-ﬁ

Cm

EHEEXHORARBETLY S ETINIGRF RSN F ARG

T

.E

HOoRFL2 FMBRLAR &% BAFTEH B F ER TIRIBNLIE ) AT T
MAAFRR ALHE S N FR AR SR FE 2 FFH B R BRI L IE o

%
96

94

' 91.7
92 1 89.8 a0.1 :
90 | gg3
8 | 86.6
8 {
-« 1§
82 T T T T T

98%F 99F 100F 101F 102 103F 104F 105%F

& O 20

Bl 2.2 AR 2 L FLJRIFIB LR

FHFE R 105 & T #48  PRIAE R R F 994% T4 d STEE
Hepo L FEJRIME LR T o 87%1

Fodrd 22977 c AP L RENT L FF P AR AU F AR FEL i3
B TR EE TR

e NPT d TRE VT T oREE T RS
H

SR T ER
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22 AR F LR OLFLZ BLA

4%
L 5] nss | owe | rax
3t 18.1 93.9 4.3
e 4% 0.1 99. 4 0.1
itz 2.2 97.5 2.0
bR 0.1 95.8 4.2
% i g 1.1 95.7 3.2
¥ 5.1 94.7 2.7
% 48 0.4 94.6 5.4
A% EE 0.7 94.2 5.5
T 6.3 93.3 5.4
B 5 E 0.6 89.8 9.0
EERAE 0.2 89.5 0.3
245, 1.4 87.5 7.1

4 *BREY

2016 = 3 * AlphaGo r = v - Fpeit WS EH L 22 F {2 > AlphaGo ¢
P ERE VM4 L Rkl o £9 5 A AlphaGo B 2w 0 iERH
YHEMETe R i BAEE o § AP iPhone % 5 B4 @ 448 Siri - &
oS VO RS R e 3 mﬁh%@%fi? Wengophs ; § A b b -
5:4p % | Facebook - Facebook # 1 g #+45 i 4p @ ek i 0 % chy EUFRF Y

I o

FEREEY L EE Y (Machine Learning)— £ » T B & ¥ Hpes ﬁ&{gﬁﬁﬁﬁ
VU AR gpre e FEIBBI R EY ?7- 3 J'z]g;ffi ) ﬁk%gﬂgiﬁ{
BB - L DIURTRE 0 pF 45 N endidie(function) o Bldo k-1 BE Y B
FH A FIRE w’j‘mﬁﬁ‘—ﬁwf’%‘} B2 FAG R SRS F 0 5 e H]

23 T~ F s

f0,1,0,0,1,1, )="pe”

Bl 23 = 3yt n > (3748)
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B - B 3R R SRR A 3 ok BEE Y fie
Bt R R ks fﬁj\j‘&&_ﬁ WEIG - B YR P SR LA R 45

TR e sl o do B 2.4 99T ¢

Bl 2.4 B 5l v (iker)

R R U R :é'?fﬁ;°”.f-‘§:ﬁfﬁ\ﬁ‘vﬁ§t’%ﬁ,%k. 2 g
MRIIAKRF A BT P EN D A BB RS ko

@i jhenp 2R3 3 mJd2(Natural Language Processing, i fi- NLP)E_zk >t 5t

Yy 2o REFFAEY HITF RBBEDFE - B30 p R

T ASUATE S B BN G {FnE s AT ERE Y RE L5 A8
S EEY Sk TR MIRRF Y dp bk

241 A1RERE

1295 Balakrishnan et al.(1994)5 1t : #g4¢ 5 4 g2 (Artificial Neural Network,
ANN) 25 A 34 g gt n\:}ﬁﬁifﬁ A A SRR AT Rk S e S (20
03):a i 4T# TR B BRAE N R 5 M- B E A5 ¢ R A v
CEBEPAIEH SRR AR GRENN A A IR EAT S PR TR

P ES B AR RE S F A A LA EAREER DB R By
e

T

BE DR ﬂﬁ,sAlgd‘gg;aoJ

F_k

1A AR A SRR § B A 1 5 e (artificial neuron)#t
A A 1R g mee X 44 A2 H < (processing element) » F - AJLE AT 2%

- R A LB RGBT B AL - BE R RS L
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R

R g ;_;uﬁgl IS

Neuron

z=aw +--

ag weights

W25 # g A i

24.2

EREY oA B S d 54
A Bodp il i -
B AR o B Mg B
B A fRA B A Hinton % 417 * & ‘/‘E‘

PR MG 0 0 BB

FREEVYMA

A5

[
woa

v

+aw, 4

St P BERBE O BB R A E

'g\ ﬁ'ﬂ‘frq * %%'{Eﬁ;_’—‘ﬁ—@

B P RRRBIEE A a0 RS B AR A feh

a= O'(Z agwy + b)
K

SRS S U M LR SR R EE R
BRA A R A A e

- B FBA O APAL SERA o B - R mﬁig?l

’ Ei'li%%fuf'liiﬁa?lﬂ’.é; b o 4o 25 BR8] 2.6 “9oT o

Hidden

layer

Input
layer

Output
layer

+agwy +b

A simple function

Input #1

Input #2
o Output

2 O'(Z) a Input #3
I Activation
function

b | bias

Input #4

B 26 414 5%i

FREY

5 = #¢1 G, EHinton &2 2006 & 4% 1 > 4p &
B s Y
LS SU PR LS 8

TR EET e F 5B RTIER
BT Am e 1 R Y O ERERCE
Bl G R R g

/#f§§ 5 °

BT AL SR B R AT E R R 2 ] YR

7 e g g

AR 4

BRI EAS EHEGpEAEFR
MR Echy o B kdE B b A SRR kY B AJE k=X

MK FREY S
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Y B2 VAR St Bt R R R L Al o SRR S L
PHCIRREY 2T RRT AL e 455 2 2 (Boosting) -
BAB 32 RCRAT BV a3 0 FRAEY TR EOEAY o RS
Bac(RfhAcde B)L % - ARFY 23 1 5% PR AP WAFY
BTG R B KA A RR S Y SIS R TR 7R A
W A R B AR 7 R TIRTE A B p e ¥ R BRI gk

Z\TF ''m i ‘f ‘}vl\/q\zk‘.ﬁ ;}B‘r,{iﬁ;mv ZK’EIL‘ o

FREY TEIER RS 7224 g (Neural) > & B g
EHBAH S AdB A EAFRTRREBREE) AT Y EAY B TRt
P BEFREY FIOFRRRSHED S8 LRR ORI FIF &&Vﬁ
B 5 R =xerp) et iR ARA T8 ( Deep Neural Networks, DNN) o ;% & 42

SRS SRS et 2 AR R A R R e T

E'IS
\n

R R S ZHMBEBINA ~F e ZRBEINLS TG Kok BINA S G OfEE BN
5

)
&

/»‘v.%l,%%;}%f#—j@ﬁ% FE s g R P apk b [RE R L 2
?’;‘E;}%‘ﬁ}ﬁ'&rﬁ%‘l WE*$%KQ5 "}é"'fgiﬁﬁk"]' %J TR

ERA SRR A LT Z M

1. w47 & ep( Feed Forward Deep Networks, FFDN) > d % i %% % &

Btedm & 4o f KR A E (Multilayer Perceptions, MLP) ~ % 4 (5 e §% o

2. WA FER R ( Feedback Deep Networks, FBDN),d 5 i f#48 & & & 4c
@ = ok ¥ ff g ik (Deconvolution networks, DN) ~ & =t #5n S8 i e
(Hierarchical Sparse Coding, HSC) - w&ﬁzé A7 e g5 (Recurrent Neural Net-

work, RNN) -

3. v EA . ( Bidirectional Deep Networks, BDDN), i &4 7 B %75
BREIEAEAES (SR T o LE BakhB BN ERER 2 TR RS
7 SABiEARL ¢ 7 fRAGEAR) 4oiF R L% & 18 ( Deep Boltzmann Machines,
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DBM) ~ i# & 13 4 ¥~ (Deep Belief Networks, DBN) ~ 3t #p ;% g & 5% #g %

(Stacked Auto-encoders, SAE) -
MR R SR SR o ow AR VIR R B e (FFDN) 2 5 #4554 B (CNN)

P2 skr e B N
A 3 e

25 /&

FET105#x FopFR*FERRAZAP  FET B LEXFP &2 30
BEOLFERAEL R A% e F AR AR NLFE S AR

TR RIFY B FER TIRIANLFET TP E G N T A JTAAE MR L2 2

4

AT GEHD FRUE TAFLEMEFT ARHEFRE BN B EE R AF
B AR TP F I 2 AR H AR AR (7 A A R R A Tkt p
FRUT LI THRIGFHE - NALIBRI AP FLRERRTREFLEE TR
R TR Z PR M A GE ) RS EHRE 2 AR T
b AR - PRt N S L M R = R R e = s - PRI S U S

AR EAY B 2 47 P e

Y T SRS 1(2015) ~ S R(2016)2 fHRS A AT R ARL de i o B
WA ERE G 2 BARE A

1. 2 AR E- ﬁj@auﬁ—*‘fzﬂ U A IRARPER o
2. B ANERH O REA F2 o Bz AL A iR R

3. RB*FRAEVFREZ RBFREIBUERAE -
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¥=& Fypi

AR ERABRP AL D F 0 G R AR SR S

B w82~ K-means & 37 8 2 o

d @%&wg@:ﬁ«, ARET AR BHB D TAE TR T

Wl v AAN T EE Y AL BN AR T AR ENS TS e

-

Riea

FEPRB- ~ MR RS IR S I R BT R Ay g g v A

BT ER SR AT RARBER R A RS S A B 3.1 S

SCARETE
AR T

<
Bt
il
o

HE@E
BIFAR

e =

BRI

Bl 3.1 HR A 47 H5 E HEAR B
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3.2 FHRF B 2

BT RE USRS AES S F MY A RH R 2 B L E o 5B
YR A AR N BB F AP X AT AT A BB LR U A
M AT AR e AT R S A S RERITE 2 R G
L35 TR-IDF > #icE B Fp H5 Y 7 4 4 42'L > TF-IDF g i+ -7 >0

K-means & # -

FHEF R A - AR AEEERE LSS NN T AR RE Y Z A
Hde B HT . AT - % Luhn 2 Jones ¢dk T eEAR i B i 4 RO 50
(Term Frequency-Inverse Document Frequency, TF-IDF) » g2 > & # g v >
Luhn #rff 2 3o i 3R B 2 A8 AR v A7 i F A HmP R
ERZERM S 2N e
n;j

TF: = Py
ankj

[=

TFjjZ 7 #HGE T 2 M j° Q= Yun Bl& 72 & ¢ 975 JRe

f =k B e P E AR 5 (term frequency)im & 2 il TR AR P g Pt E R T
i 8 'f’»%’l‘sz%ﬂ‘lii’ﬁ-”#”% MARM B F 2 B AR PP RS e
BERP2Z R FE TR B S AP T AT & B a4
FUR RGP 0 R B -

?%ﬁﬁﬁ%mﬁi? *Wﬁﬁ F e $ Y A HOE B R AT

FE AR BEFAE- e 2 A (TRIDF)iF 82 » F g k2 AR
BEEARE > AR R E L NRMIRMAEE T AL G HRE &Y
ARBEL O E 2 4T
IDFi=log,|L|
{:t € 4}

DI R b ks |{jiced}|? @@L a3 8k (T # 0k
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FHH Mok A AT RERAA LR - R T R 1+{j: t

€d;}| > #% TD-IDF j# 2 58 4o
TF — IDF = TF;; x IDF,

B BB R OB PR S AR B E B & R

Frlg S NF L TFIDF 5 TF-IDF Mo i d Loned > 7 £ &

Bolkm - Ko AR aRinmacs 1000 7 03 THIE | AR 40

7

76 TRGE | - P Rk e (TR 2L 40/100=0.4 « + ko 5 L3 ¥

# % 1,000 2 & RiE > @ 2 & @HcE_ 10,000,000 & 0 B i o 4 % 48 5 (IDF)
#%_log (10,000,000 / 1,000) =4 ° d {é e TF-IDF 4 $c 3 0.4 X 4 = 1.6 -

33 ¥ fil T

B A e (CNN)~ #4425 CNNs & ConvNets » v &9 0 iF R4 SRR
(Deep Neural Network, DNN) Afd& e B 4 4 » A B 5 7359 F 2 3 7 1 g
R R 0 o ¢ fr T o ONN RIS S T TR R R R
(input) 2 7% 4% = 3 02 ) & 97558 > CNN iy 3§ ARePFT 7 = % > Ft AFT 7 45 %

PR KRBT Y AR B A

£ Al CNN F H4c Bl 33 #77 © ¢ 3 ﬁ%l ~ (input) ~ % # & (convolution) ~
it k& (pooling) ~ j#ci& o fic(activation function) ~ 2 i 4% & (full connected layers) -

ﬁgj 41 (output) °
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ﬁ;;])\

input

\ 4

SHA

Convolutional layer

\ 4

oS Sk
Activation function

\ 4

B

Pooling layer

v
DERAE A
Full-connected layers

4
ﬁﬁﬂ:
output

B33 CNN # %
1. ﬁ]»(input)

FAME APRE Y RBAE E AP R AR AFEOS T i
e AHERY AFEFEL AR CNN 220 & fagpe Do £
D¢ #if cmpdidiodsit A D Y > BATIEL 201 Lol r o fydien T
;i'ﬁ;’%\ :‘% fl?é\?é%_wl, Wz, W3, ey Wd:v*‘g‘T %‘\ T’F :";

T: {Wl, Wy, W3, ..., Wd}
KD®ERTSE BREwawdd o Bwd 7 ARVIZ R aw Ewg
wi t {my, My, myz, .,my} i€ {1,d}

T 2 T E M T ¢ 97 0 2 ZRBWA T 27 P4k

Wi.a :W1+W2+W3+"‘Wd
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Mo ok T gde X RV e B et

[m,, m;, -+ my]

My My, =0 My,

My My =t My,

BT e cEds (v 5 CNN sl » > 21508 CNN s i ~ 3% 1 e 7

PP BB Ao 3 £ o
2. % # % (convolution)

CNN o * &l fasnlps » wd itk el ity » S bifh oLy

\i/

RES

el
B o 2 A5 - CNN B 1A SR 0w i T engbfloe t (75 B~ 0 %
i i 2 e e il e Hr I CNN Y o s L de
e FPEFTIRADERAL BRI BB T LERT| R A

F4 $ A A ] T R ARG B A1 T

7

LA e B ERT 0T A KA BB AR AR H P

LEM CeRFY:

“Cn Cp Tt Cpyt
B AR i (TR - A T et 2 7 d-k+l B3 B Tp € RV,
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m, m, e m

m m m

;;+|.| _Ji+|.2 p+|.i'

My1n My 770 My,

CNN % f & 7 %+ £ 3t B~ e A2 > — B 5 Pido - sl
@E- BRACEL o CNN A Bog - EAR - LB F D% 4 & 1 H R 40

PR R T AR I i L 0 R IR AR T IR B gk o
3. # i* % (pooling)

PATHAFT 22 MBPEFREFLHH/EL > AEHEBLE mp

RUE—H+DXT 2 o spnd 4 iF chfh o 4 14 gt i — % R & > i 1 B

pooling = (S-k+1)x1) = &(S1, 52,53, -, Sa—k+1)

HY o &7 EH T F Leni s+ it (Max pooling) ~ # - it (Min pooling))

TioEE o - AT oo G R LB PR L E D AR E R L e

BEIERE BEFELEEL - B APgkE > T3] BRI F g

e & P
p= (PerZ'PB""rPM)

CNN h3 ff R fois it K 2 B 8 fdfe (T o LI IEH2 2 Theo+ 24
T AR B @RIt e B Pt CNN #3spicn B @3] 4 %

FOoE e A TR s
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4. i Sdk(activation function)

R RAEITR A Y ESERESREY  F AR A A
RS REREAFEY J AR BRSO KA LR
L r il g o2 R G - BREG Kok ARy o ¥ R chipoE Sy Sigmoid S
¥~ tanh S0 e ~ AR Sfic(Rectified Linear Unit, ReLU) S fic® » B S0 3¢
o fde 3.4 4557 o FUg5 2 oo AT oReLU 5 4 140 S et f ¥ e S
P RE B sl {4 arck o

Sigmoid Function

Sigmoid function

)
2
> 1

0.4 _
Y= =
l+e™™

€[0,1]

Tanh Function

Tanh function

X -

e —e

Y e

—e[-11]

y =tanh(x) =

RelLU Function

3 ReLU function

y =max(0,x)€ [0, +eo]

Bl 3.4 # % pod s 2 adie Rl
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5. i@ 3%k (full connected layers)

G DB A R Sl SEAFEE B T 5
iv > wiEP N B a,;‘:u‘z%] ~ o i dg) @AY 5 4 e (Back-Propagation Neural
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/—_\\ E_ﬁﬁ:ﬁ]ﬁ‘]%—ﬁﬁ Haxl_ full
gF&RE N filter(3,4,5) booling connected [ 5 classes |
nxk \3><n,4><11,5><n

5%
-
-
by FEEE
ﬁ \ Bk E
5
w B | rass
N A%
FERKE

\/[l

B 416 L4 Spii

452 Kk
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+ activation function

convolution l
\ 1

o

= = Max v
ZHFFEHE R . full
GFRE 1ter(3,4,5) pooling connected | 5 classes |
nxk xn, 4xmn 5xn

4%
E
#*
#E EELE
;‘; \ RitE
o B [sanz
ES FiEE
FEREE
1J1]1]o]o 1]1,/140/0 11172040
0)1/1/1]0 4 OJ,g],,],qO 43 0|1]1/1/0, 4134
0/041 11 0j0)1j1)1 00121,
o(of1|1|0 0o|0|1({1(0 0o|0(1|1|0
o(1(1/0|0 0|1|1({0]|0 0|1(1|0]|0
| Convolved | Convolved | Convolved
mage Feature mage Feature mage Feature

Bl 417 54857 4 H

453 it Sk

hod AR H S Sl A SRR TR R A R

WD A e A DA S 2

51

2 BRBRTRA &

- g kA -



R AR S ReLU > B 418 5 4 1A TR B A Sl 2 Rl ¢

Sy ek o

+ activation function

T

ZHF F AR ““l full
afRE filter(3, 4,5) pooling connected 5 classes
n xk 3xmn 4xm 5xXn

3
#iE FEEE
# — \ A%
Zi

| B T

St
AR
FEREE

RelLU Function

5
4
L3 ReLU function
&
2 y=max(0,x) e [0,+oe]
1

B 4.18 HUb AR 0k
454 B iR

RESE R S PR § L T AT BT = S I R

23 E o R E B s T BB R o Fld k8 1Y K (Max pooling) 4 ik B

-~
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AT Y ﬁ%lﬂ w2 R EAXA TR G 2X2 0 4o B 4.19 fror e

+ activation function

convolution l—
A

et Max
At kA || fittadsy pool ing comected  [Soasses ]
nxk 3xm 4%xm 5xn
% /
b
S
e T
;; [ \ ! BiEE
s iE -H* | tHEEE
£ Fisd
FEFREE

/7

Max Pooling. pooling
size = 2% 2, stride =2

A\ 4

B 4.19 Max pooling # i+

455 2@k

G B A R Sl SEAFEE B T 8
o Bt RN BrE A 2 g o I B 5 R (BPNN)R B 2 e (7 2l
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BE O PEFLGUAEE > BT BB E B4 2 2Rk LM -

+ activation function
convolution
= - Max Y
ZHR o R .
T RE filter(3,4,5) pooling 5 classes
nxk 3xm 4xm 5xn

4%

/ I
3
#
"z FEE
y R%E
F
EHEHE

Y

£ Fi%E

B 420 24k 7 4 H
456 ZRK

Aol BT AL R DRE HA SRR F S F 4 A & & (overfitting) R 2E
SO ILEAERSE 0 2R A R * F 3 (dropout) ¥ o dropout i B HE 1
MBEA SN B EFEFIREE S FOEAEREE  4oBl 421 1 o
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® O ®

®] 4.21 Dropout %+ + % B

Bl 421 A5 kA S eps > - BE@ % dropout # 4" M B A 5 A
dFrR R G AREST M BFR G AV SRR SRR - TS R RES R o T
P RS A BEEE X PO T R R S RD{ AT R R F M
FEHOEE O SRR ITE R R P A R AT
A RATRIR DR B p REF T RJZ Y (NLP) > dropout $84] 7 e 2@ 42 kg i€ v o

RS RN B 2 A

457 HREH

Fh A B gﬁg‘d SRR ER N A & & 51 11 Python =g v 42

3 tensorflow = % 1600 Al e gt > FEd A G R R R TR A
ESORERT S W Sk R R

BR 3 MARN Y Rl Rl 4220 WP 4o

® sequence_length-m+ £ & > w15 w0+ 3G AR R A

® num_classes-fij ) & R R > RETY ST AR

® vocab_size-3 | Bk o] o M R LI B K hr ] o BB

B3 £ & ¥ [vocabulary size, embedding_size]
® embedding_size-& i ¥ @i e £ g 128

® filter_sizes-p* 4 dc i % X ¥4 B E S B H @ o filter_sizes=[3, 4, 5] -



»
=h
g%
=
—4
N
|
\\.\:
.

BREABEP{-EEHFRESBEF o
® num_filters-# & ¥ f% 1 #c &

import tensorflow as tf
import numpy as np

DRI -'Il:
A CNN for text classification.

Uses an embedding layer, followed by a convolutional, max-pooling and softmax layer
def __init_ (

1f, sequence_length, num_classes, vocab_size,
b

Implementation..

B 4.22 CNN %8k 3+

B4 450 Python SR T 4R (0 ch A BB ARAC ) 423 Y 0 F

F
4§ H (7 jieba %73 o

Tgv

S

e [ 4.24 3 F) 4.28

Y

i

& — 1 Step 4 7 " e
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Ml 4.24 CNN # 7 B 42(3" 3 1)
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Bl 4.25 CNN
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B 4.27 CNN # {7 B 42(3" L 4)
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B 2R 2800 =t {8 ik o BB N Baw R 5 0.784946 -

] 4.28 CNN # {7 ¥ 42(3" % 5)
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B3 ® 2 100 = g 2R B B R 0 B 4.29 3 R 4.31 5 384 R B

step 100, loss

Bl 4.29 CNN # = B 42(;2 % 1)

Bl 4.31 CNN # =i /2(;= % 3)

B 4.32 % Tensorbroad 44 i* CNN #5822 PIRE T B > %,iﬁrsz ES-L € 3
FRFER - R PREAERE B2 215 2800 =& - B ¥ 5N Brr i iE 0.784946 -

WY 26 ] P o
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(60 51 BHREWAERIZBERER > AT 2B L
ATEA TR RE > A I EAE Y o F 1R B (confusion matrix) ¥t & -5
AREE BT RERE > SRR R OB S SR OB T R

BRSO REF ik FRLEHI DA GArEFRE -

)
=
¥
£k
o
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(et
¢
\\.\:
N
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TR § R RN ) s A A

TEPE % 4B 4.33 1 B) 4.37

Ty
X
=

o

Parameters:

ALLOW_SOFT_PLACEMENT=True

BATCH_SIZE=64

CHECKPOINT DIR /runs/1520995995/checkpoints/
EVAL_TRAIN=True

LOG_DEVICE_PLACEMENT=False
VERY_NEGATIVE_DATA_FILE=./data/test_text/veryneg.txt
NEGATIVE_DATA_FILE=./data/test_text/neg.txt
NEUTRAL_DATA_FILE=./data/test_text/neu.txt
POSITIVE_DATA_FILE=./data/test_text/pos.txt
VERY_POSITIVE_DATA_FILE=./data/test_text/verypos.txt

Building prefix dict from the default dictionary
Loading model from cache /tmp/jieba.cache
Loading model cost 0.614 seconds

Prefix dict has been built successfully

Input Text..
(KETEERDBAMNERY) ESEZMIEPNMBREEES  HURE. ..

Evaluating..

2018-03-20 06:25:42.187312 W tensorflow/core/platform/cpu feature_uard.cc:45] The TensorFlow library wasn't compiled to
use SSE4.1 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:25:42.187321 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use SSE4.2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:25:42.187329 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use AVX instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:25:42.187336 W tensorflow/core/platform/cpu feature uard.cc:45] The Tensor Flow library wasn't compiled to
use AVX2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:25:42.187342 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use FMA instructions, but these are available on your machine and could speed CPU computations

Prediction results...

total number of test examples: 1
category: very positive
Accuracy: 0.78132

B 433 B LECEET R L)
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Parameters:

ALLOW_SOFT_PLACEMENT=True

BATCH_SIZE=64

CHECKPOINT DIR /runs/1520995995/checkpoints/
EVAL_TRAIN=True

LOG_DEVICE_PLACEMENT=False
VERY_NEGATIVE_DATA_FILE=./data/test_text/veryneg.txt
NEGATIVE_DATA_FILE=./data/test_text/neg.txt
NEUTRAL_DATA_FILE=./data/test_text/neu.txt
POSITIVE_DATA_FILE=./data/test_text/pos.txt
VERY_POSITIVE_DATA_FILE=./data/test_text/verypos.txt

Building prefix dict from the default dictionary
Loading model from cache /tmp/jieba.cache
Loading model cost @.614 seconds

Prefix dict has been built successfully

Input Text..
<span class="b1">TEREHT SHERE TEMBE, </span>

Evaluating..

2018-03-20 06:18:42.454231 W tensorflow/core/platform/cpu feature_uard.cc:45] The TensorFlow library wasn't compiled to
use SSE4.1 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:18:42.454241 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use SSE4.2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:18:42.454249 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use AVX instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:18:42.454253 W tensorflow/core/platform/cpu feature uard.cc:45] The Tensor Flow library wasn't compiled to
use AVX2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:18:42.454261 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use FMA instructions, but these are available on your machine and could speed CPU computations

Prediction results...

total number of test examples: 1
category: positive

Accuracy: 0.79428

Bl 434 ' %EL*(BR)

Parameters:

ALLOW_SOFT_PLACEMENT=True

BATCH_SIZE=64

CHECKPOINT DIR /runs/1520995995/checkpoints/
EVAL_TRAIN=True

LOG_DEVICE_PLACEMENT=False
VERY_NEGATIVE_DATA_FILE=./data/test_text/veryneg.txt
NEGATIVE_DATA_FILE=./data/test_text/neg.txt
NEUTRAL_DATA_FILE=./data/test_text/neu.txt
POSITIVE_DATA_FILE=./data/test_text/pos.txt
VERY_POSITIVE_DATA_FILE=./data/test_text/verypos.txt

Building prefix dict from the default dictionary
Loading model from cache /tmp/jieba.cache
Loading model cost 0.614 seconds

Prefix dict has been built successfully

Input Text..
VEHRBREEEESXMMBES  FEORE B +ENEGFRR...

Evaluating.

2018-03-20 06:10:23.372912 W tensorflow/core/platform/cpu feature_uard.cc:45] The TensorFlow library wasn't compiled to
use SSE4.1 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:10:23.372921 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use SSE4.2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:10:23.372930 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use AVX instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:10:23.372939 W tensorflow/core/platform/cpu feature uard.cc:45] The Tensor Flow library wasn't compiled to
use AVX2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:10:23.372942 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use FMA instructions, but these are available on your machine and could speed CPU computations

Prediction results...

total number of test examples: 1
category: neutral

Accuracy: 0.76423

B 4.35 B g % (Fid)
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Parameters:

ALLOW_SOFT_PLACEMENT=True

BATCH_SIZE=64

CHECKPOINT DIR /runs/152@995995/checkpoints/
EVAL_TRAIN=True

LOG_DEVICE_PLACEMENT=False
VERY_NEGATIVE_DATA_FILE=./data/test_text/veryneg.txt
NEGATIVE_DATA_FILE=./data/test_text/neg.txt
NEUTRAL_DATA_FILE=./data/test_text/neu.txt
POSITIVE_DATA_FILE=./data/test_text/pos.txt
VERY_POSITIVE_DATA_FILE=./data/test_text/verypos.txt

Building prefix dict from the default dictionary
Loading model from cache /tmp/jieba.cache
Loading model cost @.614 seconds

Prefix dict has been built successfully

Input Text..
BEAN—QUASEMER  EREIHLEERRBE - FAMAREFTERE, AEBFIRE? LRMVEATERETR  LABEHACHEERST.. B

BR=E+EN > EEEHEWMEEP > SR\LE...
Evaluating..

2018-03-19 10:50:53.833364 W tensorflow/core/platform/cpu feature_uard.cc:45] The TensorFlow library wasn't compiled to use SSE4.1 instructi
ons, but these are available on your machine and could speed up CPU computations

2018-03-19 10:50:53.833443 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to use SSE4.2 instruct
ions, but these are available on your machine and could speed up CPU computations

2018-83-19 10:50:53.833456 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to use AVX instruction
s, but these are available on your machine and could speed up CPU computations

2018-03-19 10:50:53.833462 W tensorflow/core/platform/cpu feature uard.cc:45] The Tensor Flow library wasn't compiled to use AVXZ instructio
ns, but these are available on your machine and could speed up CPU computations

2018-03-19 10:50:53.833469 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to use FMA instruction
s, but these are available on your machine and could speed CPU computations

Prediction results...

total number of test examples: 1
category: negative

Accuracy: 0.78834

Bl 436 ' %ES R (3B L)

Parameters:

ALLOW_SOFT_PLACEMENT=True

BATCH_SIZE=64

CHECKPOINT DIR /runs/1520995995/checkpoints/
EVAL_TRAIN=True

LOG_DEVICE_PLACEMENT=False
VERY_NEGATIVE_DATA_FILE=./data/test_text/veryneg.txt
NEGATIVE_DATA_FILE=./data/test_text/neg.txt
NEUTRAL_DATA_FILE=./data/test_text/neu.txt
POSITIVE_DATA_FILE=./data/test_text/pos.txt
VERY_POSITIVE_DATA_FILE=./data/test_text/verypos.txt

Building prefix dict from the default dictionary
Loading model from cache /tmp/jieba.cache
Loading model cost 0.614 seconds

Prefix dict has been built successfully

Input Text..
EESREEEIRA TEAMBRE ) —WALTRMERTHHENOEREBZ AR - ...

Evaluating..

2018-03-19 11:40:23.287611 W tensorflow/core/platform/cpu feature_uard.cc:45] The TensorFlow library wasn't compiled to use S
SE4.1 instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:40:23.287625 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to use
SSE4.2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:40:23.287632 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to use
AVX instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:40:23.287638 W tensorflow/core/platform/cpu feature uard.cc:45] The Tensor Flow library wasn't compiled to use
AVX2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:49:23.287646 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to use
FMA instructions, but these are available on your machine and could speed CPU computations

Prediction results...

total number of test examples: 1
category: very negative
Accuracy: 0.79620

B 437 W% FLEECEET 2B R)
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ECEBRCAER L AR R B R 2 TiaE s F

dod 410 2 % 411 2757 > TIEE B IR S 5 0.79 ¢

4 410 FF AR A ERR

Pos Neu

Very_pos |pos neu neg very_neg
3L AR — 0.7962] 0.79428| 0.76423| 0.78834] 0.78132
b 0.78951] 0.78942( 0.77482| 0.79114| 0.77961
TR 0.77452) 0.77152 0.78712) 0.77901] 0.76172
X A 0.79634] 0.76891( 0.78471| 0.78002] 0.78109
XLAR 0.78561] 0.77126| 0.76643] 078207 0.76001
318 0.788436| 0. 779078 0. 775462| 0. 784116 0.7T7275
4 411 w7 e
RAME
Very Very

Neg
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BEDEFEEE LTS TRIDF AP E ikt €3 1 ¢ >
H kemeans FFEFH R Y PLEAAF TN FRE 0 REFIR AL BE
Be o ff A B 5 G ~ IR #i 2 TR-IDF > 40 412 #7571 -

3 412 A EE R R

1 |zgeEs 2 0000646621
2 | 22 0007112835
3 |fEg 8  0.002556486
4 |nEE 177 (.057225004
5 @R 4 0001293243
6 P57 6 0.001939864
7 |EEren 4 0001293243
8 |ETE 2 0000646621
9 |Etf 55 0017782089
10 |=2E 147 (0.047526673
11 |§$ 3 0000969932
12 | TfE 176 0056902653
13 |7 307 0.099256385
14 |#e 3 0000960932
15 | i 6 (0.001930864
16 {5 13 0004203039
17 | fsiEes 2 0000646621
18 | e 41 0.013255739
19 |spfgE 55 (.017782089
20 |BENHE 10 0003233107
21 | 40 0012932428
22 | 75 0024248303
23 | @3k 27 0.008729389
24 |7EHRYE 6 0001939364
25 | 4 0001293243
26 = 3 0000960932
27 |58 265 0085677336
28 | &t 207 0066025315
29 |k 36 0011639185
30 | B 28 00090527
31 |52 145 (.046880052
32 | T 2 0000646621
33 | LTt 22 0007112835
34 | [E 8091  0.288069835
35 | B#t 170 0054962619
36 | L& 17 0005496282
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47 K-means £ # % %
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W HE PN FIP ATy SR Y K-means B EIFE 2 o BBz pINE

BBE S DAHEHEY AN SRR

NERE AR EE P ETF S MRS SEA I RRETEAFTT M
ZPRFHGRR o PHGR R 41 B BFI AR VHPN 2 RGP ke 2
THRNREYAFIRY - BRAT SRS NEXTBE PR E®R
R)> 50 W4 PPk o B 41 BRI 99 B - £ 10 X 1 HRAL AR
P & o Bets 1" TF-IDF & AR E B D1 %2 3 TSRS EL

FERTOR &AL > S5 % * WEKA % 3% #0844 (7 K-means # # -

M 438 5 & 5 TR DL BAGIRS  BLLATIOR LB d o AT

10 BE PR T AR P o

J2- 8%
BEO RBEEO #XO w"BEY BREW

1750 L Calntr Ahewn

% 7 SO B9E| BREE

10K A0k B | LT | e Eo3fh k| (MOAY | TR | Bokae mmIae i ‘ i i

lo/ A0 6 2 S B S 5 TR A R I e ) M

1O ff R0 E+72 oK | o o | £

IOERGOME | £ I3t BT B T8I | T TR L3 TR b THE Bl

teRtog7 8| EF 1) JA11 8Pkl ol g 0 18 7 (1 S1 ) o ) B ORS00 AR 01 1551
51 ch | g 08 VR AR R AL L6781 O R 903

ORFIIBE. || cheF| T4 | B E A A2 8| 0 | E3iH | BH | B

W75 W8T

B 4.38 $ i 3 pce

d 3t K-means % AR FAHIGE G FE - D EEREFE S 0 FILRF

PRRH B MR AP T BT S B M ST T b T I b e T ok

R
v

stk

I SRR S R A SR TR A2 S R R

N

4

£l

MR F T E AT BACRBEHEEF S BIT B Rl

—:‘;Lt
BMITH CTIIELE LTI MBS b AP 5 T E g b F R RF LN

Wi

69



BEIE
9 0015981
0 0.02803
0 042717
2 024134
0 0.15677%
0 0013269
2 0073075
1 013439
1 009543
4 012148
0 0.058081
0] 0.060035
0 0042272
0 005383
0 0.24479
1 066392
0 0033109
0 002042
0 0035387
0 006306
0 0062652
0 004529
0 031781
0 0021997
0 05007
0 0024645
0 0.05042
0 0.25304
0 0075547
1 0035287
2 023431
0 0.008018

-1.09696

2
0 0.06403
0 0034748

WFER

N—

=
7T
EER

B
\ry
3
)
W
e
—
K=}
o N
< pos
..a [
i M [l ~ ,l.. e
1 2 N
B 00 0 0000000000000 MOODO00® 40000 400w cTo nw 1 5 g m& -+
y é - el Y il
. : 5 & w ¥ ok ¥
ﬂ ;00100000000000020000060000030040400 W ’\T*. - lp Pg
..Lu\ - Z Ll -~ -
B A
- * P I T VP
= B R R e === ) M@m o
S B N2 sl s -t
1 -
i # 4 0 ; ~ '
w |k W, o mw\ woo
ffmc 0000 MO 000000000 N0 0000000000000 MN0 OO0 ~ a..,‘w. m\ (23 ,.HP e
o ~ &)
W 4 A= } ! -
~ 5 B w o K
~“ P 9 A= 3 @mw
ij/ 9 COOrroOooOnE A0 AD0N0NN000mEoms oD oo mA. ,..m.‘..mt umu
s # R S
| & = AL Pa
9 Qb [ i I = i = = A = I = I = = = I I = = W e I e I = e e e e i I e e e Y o = U e ) 5. '~ MJJW. i e
R oL ; 4
wd @ % A4 e ”& ﬁ Jﬂr #
< FREEEEEEEEEN R R E e e RN ] .&« ol 1 | 2
e . 7 { - R £ ooe
'R = e E ~ |
- | - -~ = puod
N CNoOoOT0 ID00 1000000000 1000 No oD DO oo J N "<
T o oW o=
g fuss)
™ 1, N nﬁ\ , \
N p [%2] . . Z
ha P N 3 7
"’ SO S g o W A ok W W
5 5 S o o v o ® R
=k % m - == R mmmr 2
3 2 x4 g o & .
o X Y 2 = 2 lz ,
4L 5 G A B ST TR
-_—
.- e R B
LN P O @B G o B T R0 6 0y S o ] 0D 0 GO o A e 1D
o SOOI AR SRR NANANSNAAS o ®® oo K s N ﬂ a
Sup __ﬂ 3 = *¥ ﬂnu -\
i o Bow 5 o Eow

e

E=2

2

E

s

F5a 324~

2h3
E Tk

Xl

=

4 ﬂﬂ-b j&ﬁﬁi“

E{’ _r‘]ll—[‘_ﬂ i)

e
At

[EaE
70

E

e

B

L

TOEE B ik A 2k

4% > i

v
=

v
*

)4

i

2

|

3>

=S
H

v

Bt A 3B

%
4 o

T

v

SH P FRE AL

+
~



* 414 4402 REFEAR L

PR WE i BERME AEH LT

1096 8 64992.687

1097 7 70112.378 5119.691 7.88%

1098 6 75866.661 5754.283 8.21%

1099 5 81732.033 5865.371 7.73%

1100 4 88153.370 6421.337 7.86%

1101 3 94907.615 6754.246 7.66%

1102 2 104776.983 9869.368 10.40%
1103 1 119664.623  14887.640 14.21%

A B ELE AL 4152 £ 416 P 4o

B 1 A A 453% 0 FREFE UH G (G D T B~ fd)(LT%)

LB EE(2.322) 5 A > k= B aR(0.36%) 5 A 0 R T 5 % -0.2321(%

amy

WG R S EMILORET o F (4.74%) ~ 471§ (2.08%) ~ % F (4.1%) ~ £
4 1 7H(0.2%) ~ PFE(3.4%) 5 A B el ¢ % 5(0.37%) ~ K & R (0.5%)

£ 377(0.59%) -

B2 LA 5 R A 85.42% 0 R EE B (114%) 5 A 0 e P D
PR (2.98%) 5 A 0 HR BB T L 012(F Wi R) 0 IR ML
B ML gt o (1.81%) ~ 473 (0.04%) ~ % 3 (1.29%) ~ K # (0.41%) - K
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4 416 K-means & ¥ pcs # (et & T ¥k < A 5] &)

e 2INFER 1% 52 ¥ 3 A4
£ 1104 32: 276) 50 943 38 13
var(: #3&3 (Avg.) 1. 0942 0.8 1.1362 10.3425| 0.7684
var(: #3&3¢ (Std.) 4. 5834 2.0396 | 4.7977 | 3.2861 | 5.9753
varl: L& 3 (Avg.) 1.4149 2. 322 1 1.18 | 8.0411
varl: * &3¢ (Std.) 3. 3049 2.2063 | 3.2153 | 1.3955 | 8.4081
var2: =@ 3 (Avg. ) 1. 0389 0.58 0.8266 | 2.5789 | 2. 7534
var2: =@ % (Std.) 2. 6545 1.0971 | 1.9479 | 5.1841 | 5.7261
vard: Z i3 (Avg.) 0.7482 0.2972 ] 0.6027 |12.053 0.3
vard: &3 (Std.) 2. 4917 0.755 | 0.8205 | 4.8609 | 1.3006
vard: 2 (Avg.) 0. 6929 1.7013 ] 0.6233 | 0.5105 | 0.4808
vard: 2 (Std.) 2. 1567 1.1517 | 1.8408 | 1.4125 | 4.9248
varb: i # (Avg.) 2. 1355 2.68 | 2.9771 | 2.7368 | 2. 7877
vard: ¥ (Std.) 3. 1156 2.3903 | 3.2297 | 2.0734 | 2.7372
var6: i+ (Avg.) 0.0643 0.36 | 0.0137 | 0.0168 | 0.0454
varf: B #+ (Std.) 0. 482 0.9749 | 0.4334 | 0.7411 | 0.1162
var7: »x¥ (Avg.) 2. 0833 4.74 1.808 | 2.1263 | 4.1918
var7: »zF (Std.) 3. 806 5.4619 | 3.2384 | 2.7481 | 7.6044
var8: £rif (Avg.) 0. 1458 2.08 | 0.0411 | 0.1195 | 0.0444
var8: £+ (Std.) 0. 5329 1.0741 | 0.2059 | 0.603 | 0.1985
var9: % ¥ (Avg.) 1. 4475 0.3714 | 1.291 | 0.3263 | 0.2945
var9: % ¥ (Std.) 3. 1262 3.4928 | 3.2729 [ 9.9986 | 4.9765
varl0: X # (Avg. ) 0. 5906 4.1 0.4087 | 0.5993 | 0.5616
varl0: % # (Std.) 1. 5021 4.0902 | 0.9702 | 1.0696 | 1.1819
varll: & B (Avg.) 0.635 0.5 0.5645 | 2.2632 | 0.6391
varll: B& B (Std.) 3. 0645 1.2689 | 3.1308 | 3.4541 | 1.8395
varl2: & °*t (Avg.) 0.1712 0.2 0.0959 |0.2895 | 0.1672
varl2: & * (Std.) 0. 6972 0.5292 | 0.6986 | 1.049 | 0.3378
varld: #351 (Avg.) 0.2111 0.12 | 0.0774 | 0.3684 | 2.274
varld: #7351 (Std.) 0. 7684 0.5879 | 0.3101 | 0.625 | 1.8076
varld: P& (Avg.) 0. 9882 3.4 1.2466 | 0.7263 | 0.9922
varld: PE (Std.) 2. 6721 6.3498 | 1.9408 | 1.5975 | 2.9784
varlb: g & (Avg.) -0.1187 -0.2321] 0. 1171 |-0.247] -0.2089
varld: fig & (Std.) 0.3128 0.4518 | 0.3126 | 0.1262 | 0.2178
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AR HREE S

Parameters:

ALLOW_SOFT_PLACEMENT=True

BATCH_SIZE=64

CHECKPOINT DIR /runs/1520995995/checkpoints/
EVAL_TRAIN=True

LOG_DEVICE_PLACEMENT=False
VERY_NEGATIVE_DATA_FILE=./data/test_text/veryneg.txt
NEGATIVE_DATA_FILE=./data/test_text/neg.txt
NEUTRAL_DATA_FILE=./data/test_text/neu.txt
POSITIVE_DATA_FILE=./data/test_text/pos.txt
VERY_POSITIVE_DATA_FILE=./data/test_text/verypos.txt

Building prefix dict from the default dictionary
Loading model from cache /tmp/jieba.cache
Loading model cost 0.614 seconds

Prefix dict has been built successfully

Input Text.
[(BHBECEMEA/ FITRE] PEARFRMAS/I6HETHEF T AMER—. ..

Evaluating..

2018-03-20 06:26:51.721451 W tensorflow/core/platform/cpu feature_uard.cc:45] The TensorFlow library wasn't compiled to
use SSE4.1 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:26:51.721463 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use SSE4.2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:26:51.721470 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use AVX instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:26:51.721478 W tensorflow/core/platform/cpu feature uard.cc:45] The Tensor Flow library wasn't compiled to
use AVX2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:26:51.721482 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use FMA instructions, but these are available on your machine and could speed CPU computations

Prediction results...

total number of test examples: 1
category: very positive
Accuracy: 0.77961

BAFENRESSCET AL 2

Parameters:

ALLOW_SOFT_PLACEMENT=True

BATCH_SIZE=64

CHECKPOINT DIR /runs/1520995995/checkpoints/
EVAL_TRAIN=True

LOG_DEVICE_PLACEMENT=False
VERY_NEGATIVE_DATA_FILE=./data/test_text/veryneg.txt
NEGATIVE_DATA_FILE=./data/test_text/neg.txt
NEUTRAL_DATA_FIL data/test_text/neu.txt
POSITIVE_DATA_FILE=./data/test_text/pos.txt
VERY_POSITIVE_DATA_FILE=./data/test_text/verypos.txt

Building prefix dict from the default dictionary
Loading model from cache /tmp/jieba.cache
Loading model cost 0.614 seconds

Prefix dict has been built successfully

Input Text..
REBEIPMABIRTE > AEHMBRMEIMO | BRSSP FHRLEHK...

Evaluating..

2018-03-20 06:28:43.361211 W tensorflow/core/platform/cpu feature_uard.cc:45] The TensorFlow library wasn't compiled to
use SSE4.1 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:28:43.361218 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use SSE4.2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:28:43.361223 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use AVX instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:28:43.361228 W tensorflow/core/platform/cpu feature uard.cc:45] The Tensor Flow library wasn't compiled to
use AVX2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:28:43.361234 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use FMA instructions, but these are available on your machine and could speed CPU computations

Prediction results...

total number of test examples: 1
category: very positive
Accuracy: 0.76172

BB H%#ESEFCETHRL I
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Parameters:

ALLOW_SOFT_PLACEMENT=True

BATCH_SIZE=64

CHECKPOINT DIR /runs/152@995995/checkpoints/
EVAL_TRAIN=True

LOG_DEVICE_PLACEMENT=False
VERY_NEGATIVE_DATA_FILE=./data/test_text/veryneg.txt
NEGATIVE_DATA_FILE=./data/test_text/neg.txt

NEUTRAL. A_FILE=./data/test_text/neu.txt
POSITIVE_DATA_FILE=./data/test_text/pos.txt
VERY_POSITIVE_DATA_FILE=./data/test_text/verypos.txt

Building prefix dict from the default dictionary
Loading model from cache /tmp/jieba.cache
Loading model cost ©.614 seconds

Prefix dict has been built successfully

Input Text..
VL1200 ARERENRARFLE > QLETRER/SKERT BEEX > RMBIE2E...

Evaluating..

2018-03-20 06:29:56.873116 W tensorflow/core/platform/cpu feature_uard.cc:45] The TensorFlow library wasn't compiled to
use SSE4.1 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:29:56.873126 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use SSE4.2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:29:56.873137 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use AVX instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:29:56.873143 W tensorflow/core/platform/cpu feature uard.cc:45] The Tensor Flow library wasn't compiled to
use AVX2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:29:56.873149 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use FMA instructions, but these are available on your machine and could speed CPU computations

Prediction results...

total number of test examples: 1
category: very positive
Accuracy: 0.78109

BIC W %RELECEH AR 4

Parameters:

ALLOW_SOFT_PLACEMENT=True

BATCH_SIZE=64

CHECKPOINT DIR /runs/1520995995/checkpoints/
EVAL_TRAIN=True

LOG_DEVICE_PLACEMENT=False
VERY_NEGATIVE_DATA_FILE=./data/test_text/veryneg.txt
NEGATIVE_DATA_FILE=./data/test_text/neg.txt
NEUTRAL_DATA_FILE=./data/test_text/neu.txt
POSITIVE_DATA_FILE=./data/test_text/pos.txt
VERY_POSITIVE_DATA_FILE=./data/test_text/verypos.txt

Building prefix dict from the default dictionary
Loading model from cache /tmp/jieba.cache
Loading model cost 0.614 seconds

Prefix dict has been built successfully

Input Text..
EEHERAERES RA-ZRRVATREBL - —RUEAERBLE  BRAFEAL...

Evaluating..

2018-03-20 06:31:42.912151 W tensorflow/core/platform/cpu feature_uard.cc:45] The TensorFlow library wasn't compiled to
use SSE4.1 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:31:42.912160 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use SSE4.2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:31:42.912164 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use AVX instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:31:42.912169 W tensorflow/core/platform/cpu feature uard.cc:45] The Tensor Flow library wasn't compiled to
use AVX2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:31:42.912173 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use FMA instructions, but these are available on your machine and could speed CPU computations

Prediction results...

total number of test examples: 1
category: very positive
Accuracy: 0.76001

BID H%EEECEFHRD5)
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Parameters:

ALLOW_SOFT_PLACEMENT=True

BATCH_SIZE=64

CHECKPOINT DIR /runs/1520995995/checkpoints/
EVAL_TRAIN=True

LOG_DEVICE_PLACEMENT=False
VERY_NEGATIVE_DATA_FILE=./data/test_text/veryneg.txt
NEGATIVE_DATA_FILE=./data/test_text/neg.txt
NEUTRAL_DATA_FIL data/test_text/neu.txt
POSITIVE_DATA_FILE=./data/test_text/pos.txt
VERY_POSITIVE_DATA_FILE=./data/test_text/verypos.txt

Building prefix dict from the default dictionary
Loading model from cache /tmp/jieba.cache
Loading model cost @.614 seconds

Prefix dict has been built successfully

Input Text..
B X/1MISERBEED  eMBRTITQERETHE 0 —KATE...

Evaluating..

2018-03-20 06:19:57.679123 W tensorflow/core/platform/cpu feature_uard.cc:45] The TensorFlow library wasn't compiled to
use SSE4.1 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:19:57.679137 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use SSE4.2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:19:57.679142 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use AVX instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:19:57.679159 W tensorflow/core/platform/cpu feature uard.cc:45] The Tensor Flow library wasn't compiled to
use AVX2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:19:57.679166 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use FMA instructions, but these are available on your machine and could speed CPU computations

Prediction results...

total number of test examples: 1
category: positive

Accuracy: 0.78942

BE A%z ss (522

Parameters:

ALLOW_SOFT_PLACEMENT=True

BATCH_SIZE=64

CHECKPOINT DIR /runs/1520995995/checkpoints/
EVAL_TRAIN=True

LOG_DEVICE_PLACEMENT=False
VERY_NEGATIVE_DATA_FILE=./data/test_text/veryneg.txt
NEGATIVE_DATA_FILE=./data/test_text/neg.txt
NEUTRAL_DATA_FILE=./data/test_text/neu.txt
POSITIVE_DATA_FILE=./data/test_text/pos.txt
VERY_POSITIVE_DATA_FILE=./data/test_text/verypos.txt

Building prefix dict from the default dictionary
Loading model from cache /tmp/jieba.cache
Loading model cost 0.614 seconds

Prefix dict has been built successfully

Input Text..
BT20F EHBREES (2 DERMEEE ) UEREFERE...

Evaluating..

2018-03-20 06:21:03.187291 W tensorflow/core/platform/cpu feature_uard.cc:45] The TensorFlow library wasn't compiled to
use SSE4.1 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:21:03.187303 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use SSE4.2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:21:03.187315 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use AVX instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:21:03.187323 W tensorflow/core/platform/cpu feature uard.cc:45] The Tensor Flow library wasn't compiled to
use AVX2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:21:03.187331 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use FMA instructions, but these are available on your machine and could speed CPU computations

Prediction results...

total number of test examples: 1
category: positive

Accuracy: 0.77152

BF FErs%ass(aid)
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Parameters:

ALLOW_SOFT_PLACEMENT=True

BATCH_SIZE=64

CHECKPOINT DIR /runs/1520995995/checkpoints/
EVAL_TRAIN=True

LOG_DEVICE_PLACEMENT=False
VERY_NEGATIVE_DATA_FILE=./data/test_text/veryneg.txt
NEGATIVE_DATA_FILE=./data/test_text/neg.txt
NEUTRAL_DATA_FILE=./data/test_text/neu.txt
POSITIVE_DATA_FILE=./data/test_text/pos.txt
VERY_POSITIVE_DATA_FILE=./data/test_text/verypos.txt

Building prefix dict from the default dictionary
Loading model from cache /tmp/jieba.cache
Loading model cost @.614 seconds

Prefix dict has been built successfully

Input Text.
(PRUECEMEEQILSEE) AEERIRERIVV=-BHMREBREKRR. ..

Evaluating..

2018-03-20 06:22:12.681541 W tensorflow/core/platform/cpu feature_uard.cc:45] The TensorFlow library wasn't compiled to
use SSE4.1 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:22:12.681552 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use SSE4.2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:22:12.681561 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use AVX instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:22:12.681569 W tensorflow/core/platform/cpu feature uard.cc:45] The Tensor Flow library wasn't compiled to
use AVX2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:22:12.681574 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use FMA instructions, but these are available on your machine and could speed CPU computations

Prediction results...

total number of test examples: 1
category: positive

Accuracy: 0.76891

FIG Ws%ass(hi 4)

Parameters:

ALLOW_SOFT_PLACEMENT=True

BATCH_SIZE=64

CHECKPOINT DIR /runs/1520995995/checkpoints/
EVAL_TRAIN=True

LOG_DEVICE_PLACEMENT=False
VERY_NEGATIVE_DATA_FILE=./data/test_text/veryneg.txt
NEGATIVE_DATA_FILE=./data/test_text/neg.txt
NEUTRAL_DATA_FILE=./data/test_text/neu.txt
POSITIVE_DATA_FILE=./data/test_text/pos.txt
VERY_POSITIVE_DATA_FILE=./data/test_text/verypos.txt

Building prefix dict from the default dictionary
Loading model from cache /tmp/jieba.cache
Loading model cost 0.614 seconds

Prefix dict has been built successfully

Input Text.
DBEAEINAEBERTIRNERI/VP=EHATE EKEKRR) > BRBoEN...

Evaluating..

2018-03-20 06:23:50.714152 W tensorflow/core/platform/cpu feature_uard.cc:45] The TensorFlow library wasn't compiled to
use SSE4.1 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:23:50.714161 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use SSE4.2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:23:50.714169 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use AVX instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:23:50.714172 W tensorflow/core/platform/cpu feature uard.cc:45] The Tensor Flow library wasn't compiled to
use AVX2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:23:50.714181 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use FMA instructions, but these are available on your machine and could speed CPU computations

Prediction results...

total number of test examples: 1
category: positive

Accuracy: 0.77126

BIH A%z % (%1 5)
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Parameters:

ALLOW_SOFT_PLACEMENT=True

BATCH_SIZE=64

CHECKPOINT DIR /runs/1520995995/checkpoints/
EVAL_TRAIN=True

LOG_DEVICE_PLACEMENT=False
VERY_NEGATIVE_DATA_FILE=./data/test_text/veryneg.txt
NEGATIVE_DATA_FILE=./data/test_text/neg.txt
NEUTRAL_DATA_FILE=./data/test_text/neu.txt
POSITIVE_DATA_FILE=./data/test_text/pos.txt
VERY_POSITIVE_DATA_FILE=./data/test_text/verypos.txt

Building prefix dict from the default dictionary
Loading model from cache /tmp/jieba.cache
Loading model cost 0.614 seconds

Prefix dict has been built successfully

Input Text..
ALEBFATIRT  HEHBEESEIXEE  AERMEEIXLR...

Evaluating..

2018-03-20 06:13:48.286732 W tensorflow/core/platform/cpu feature_uard.cc:45] The TensorFlow library wasn't compiled to
use SSE4.1 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:13:23.286741 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use SSE4.2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:13:23.286750 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use AVX instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:13:23.286758 W tensorflow/core/platform/cpu feature uard.cc:45] The Tensor Flow library wasn't compiled to
use AVX2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:13:23.286763 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use FMA instructions, but these are available on your machine and could speed CPU computations

Prediction results...

total number of test examples: 1
category: neutral

Accuracy: 0.77482

Bl # sz e s (L2

Parameters:

ALLOW_SOFT_PLACEMENT=True

BATCH_SIZE=64

CHECKPOINT DIR /runs/1520995995/checkpoints/
EVAL_TRAIN=True

LOG_DEVICE_PLACEMENT=False
VERY_NEGATIVE_DATA_FILE=./data/test_text/veryneg.txt
NEGATIVE_DATA_FILE=./data/test_text/neg.txt
NEUTRAL_DATA_FILE=./data/test_text/neu.txt
POSITIVE_DATA_FILE=./data/test_text/pos.txt
VERY_POSITIVE_DATA_FILE=./data/test_text/verypos.txt

Building prefix dict from the default dictionary
Loading model from cache /tmp/jieba.cache
Loading model cost 0.614 seconds

Prefix dict has been built successfully

Input Text..
Wi BN EERBRNBERE) HMBRESKELORERES > ...

Evaluating..

2018-03-20 06:14:25.671245 W tensorflow/core/platform/cpu feature_uard.cc:45] The TensorFlow library wasn't compiled to
use SSE4.1 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:14:25.671253 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use SSE4.2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:14:25.671261 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use AVX instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:14:25.671269 W tensorflow/core/platform/cpu feature uard.cc:45] The Tensor Flow library wasn't compiled to
use AVX2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:14:25.671277 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use FMA instructions, but these are available on your machine and could speed CPU computations

Prediction results...

total number of test examples: 1
category: neutral

Accuracy: 0.78712

Bl) BNk % (4 3)
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Parameters:

ALLOW_SOFT_PLACEMENT=True

BATCH_SIZE=64

CHECKPOINT DIR /runs/1520995995/checkpoints/
EVAL_TRAIN=True

LOG_DEVICE_PLACEMENT=False
VERY_NEGATIVE_DATA_FILE=./data/test_text/veryneg.txt
NEGATIVE_DATA_FILE=./data/test_text/neg.txt
NEUTRAL_DATA_FILE=./data/test_text/neu.txt
POSITIVE_DATA_FILE=./data/test_text/pos.txt
VERY_POSITIVE_DATA_FILE=./data/test_text/verypos.txt

Building prefix dict from the default dictionary
Loading model from cache /tmp/jieba.cache
Loading model cost @.614 seconds

Prefix dict has been built successfully

Input Text.
FMLETHEZXEBHEE FMITHREXERARHEDRVANREEERLES...

Evaluating..

2018-03-20 06:15:42.812341 W tensorflow/core/platform/cpu feature_uard.cc:45] The TensorFlow library wasn't compiled to
use SSE4.1 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:15:42.812352 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use SSE4.2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:15:42.812361 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use AVX instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:15:42.812369 W tensorflow/core/platform/cpu feature uard.cc:45] The Tensor Flow library wasn't compiled to
use AVX2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:15:42.812378 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to
use FMA instructions, but these are available on your machine and could speed CPU computations

Prediction results...

total number of test examples: 1
category: neutral

Accuracy: 0.78471

B K s (4 4)

Parameters:

ALLOW_SOFT_PLACEMENT=True

BATCH_SIZE=64

CHECKPOINT DIR /runs/1520995995/checkpoints/
EVAL_TRAIN=True

LOG_DEVICE_PLACEMENT=False
VERY_NEGATIVE_DATA_FILE=./data/test_text/veryneg.txt
NEGATIVE_DATA_FILE=./data/test_text/neg.txt
NEUTRAL_DATA_FILE=./data/test_text/neu.txt
POSITIVE_DATA_FILE=./data/test_text/pos.txt
VERY_POSITIVE_DATA_FILE=./data/test_text/verypos.txt

Building prefix dict from the default dictionary
Loading model from cache /tmp/jieba.cache
Loading model cost 0.614 seconds

Prefix dict has been built successfully

Input Text..
$SHHKE (Z) BETHFHERBTLCERRT HREST 3 F...

Evaluating..

2018-03-20 06:17:34.612374 W tensorflow/core/platform/cpu feature_uard.cc:45] The TensorFlow library wasn't compiled to

use SSE4.1 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:17:34.612382 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to

use SSE4.2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:17:34.612393 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to

use AVX instructions, but these are available on your machine and could speed up CPU computations

2018-03-20 06:17:34.612402 W tensorflow/core/platform/cpu feature uard.cc:45] The Tensor Flow library wasn't compiled to
but these are available on your machine and could speed up CPU computations

2018-03-20 06:17:34.612413 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to

use FMA instructions, but these are available on your machine and could speed CPU computations

Prediction results...
total number of test examples: 1
category: neutral
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Parameters:

ALLOW_SOFT_PLACEMENT=True

BATCH_SIZE=64

CHECKPOINT DIR /runs/1520995995/checkpoints/
EVAL_TRAIN=True

LOG_DEVICE_PLACEMENT=False
VERY_NEGATIVE_DATA_FILE=./data/test_text/veryneg.txt
NEGATIVE_DATA_FILE=./data/test_text/neg.txt
NEUTRAL_DATA_FILE=./data/test_text/neu.txt
POSITIVE_DATA_FILE=./data/test_text/pos.txt
VERY_POSITIVE_DATA_FILE=./data/test_text/verypos.txt

Building prefix dict from the default dictionary
Loading model from cache /tmp/jieba.cache
Loading model cost 0.614 seconds

Prefix dict has been built successfully

Input Text.
LTN BRAZERE? HME : S RFITESEOBTM 2017-05-16 23:01 (BEBRET / S1L8E) THRRE...

Evaluating..

2018-03-19 11:30:53.734103 W tensorflow/core/platform/cpu feature_uard.cc:45] The TensorFlow library wasn't compiled to use S
SE4.1 instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:30:53.734172 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to use
SSE4.2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:30:53.734189 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to use
AVX instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:30:53.734201 W tensorflow/core/platform/cpu feature uard.cc:45] The Tensor Flow library wasn't compiled to use
AVX2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:30:53.734214 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to use
FMA instructions, but these are available on your machine and could speed CPU computations

Prediction results...

total number of test examples: 1
category: negative

Accuracy: 0.79114

BMESHRREE (BT 2)

Parameters:

ALLOW_SOFT_PLACEMENT=True

BATCH_SIZE=64

CHECKPOINT DIR /runs/1520995995/checkpoints/
EVAL_TRAIN=True

LOG_DEVICE_PLACEMENT=False
VERY_NEGATIVE_DATA_FILE=./data/test_text/veryneg.txt
NEGATIVE_DATA_FILE=./data/test_text/neg.txt
NEUTRAL_DATA_FILE=./data/test_text/neu.txt
POSITIVE_DATA_FILE=./data/test_text/pos.txt
VERY_POSITIVE_DATA_FILE=./data/test_text/verypos.txt

Building prefix dict from the default dictionary
Loading model from cache /tmp/jieba.cache
Loading model cost @.614 seconds

Prefix dict has been built successfully

Input Text..
(% : MWBWE) HKE BIBREARL c SKELEGRYN  —WBEERTIERS...

Evaluating..

2018-03-19 11:33:02.554431 W tensorflow/core/platform/cpu feature_uard.cc:45] The TensorFlow library wasn't compiled to use S
SE4.1 instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:33:02.554457 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to use
SSE4.2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:33:02.554469 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to use
AVX instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:33:02.554481 W tensorflow/core/platform/cpu feature uard.cc:45] The Tensor Flow library wasn't compiled to use
AVX2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:33:02.554490 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to use
FMA instructions, but these are available on your machine and could speed CPU computations

Prediction results...

total number of test examples: 1
category: negative

Accuracy: 0.77901
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Parameters:

ALLOW_SOFT_PLACEMENT=True

BATCH_SIZE=64

CHECKPOINT DIR /runs/1520995995/checkpoints/
EVAL_TRAIN=True

LOG_DEVICE_PLACEMENT=False
VERY_NEGATIVE_DATA_FILE=./data/test_text/veryneg.txt
NEGATIVE_DATA_FILE=./data/test_text/neg.txt
NEUTRAL_DATA_FILE=./data/test_text/neu.txt
POSITIVE_DATA_FILE=./data/test_text/pos.txt
VERY_POSITIVE_DATA_FILE=./data/test_text/verypos.txt

Building prefix dict from the default dictionary
Loading model from cache /tmp/jieba.cache
Loading model cost 0.614 seconds

Prefix dict has been built successfully

Input Text..
FMEEAS 2RAAMEE —ERD > XEPAFATER 'RERENTRERFAVER,  ALAEE - SRESERLEN...

Evaluating..

2018-03-19 11:34:58.324463 W tensorflow/core/platform/cpu feature_uard.cc:45] The TensorFlow library wasn't compiled to use S
SE4.1 instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:34:58.324487 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to use
SSE4.2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:34:58.324495 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to use
AVX instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:34:58.324502 W tensorflow/core/platform/cpu feature uard.cc:45] The Tensor Flow library wasn't compiled to use
AVX2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:34:58.324517 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to use
FMA instructions, but these are available on your machine and could speed CPU computations

Prediction results...

total number of test examples: 1
category: negative

Accuracy: 0.78002

FOWNHaELE(F BT 4D

Parameters:

ALLOW_SOFT_PLACEMENT=True

BATCH_SIZE=64

CHECKPOINT DIR /runs/1520995995/checkpoints/
EVAL_TRAIN=True

LOG_DEVICE_PLACEMENT=False
VERY_NEGATIVE_DATA_FILE=./data/test_text/veryneg.txt
NEGATIVE_DATA_FILE=./data/test_text/neg.txt
NEUTRAL_DATA_FILE=./data/test_text/neu.txt
POSITIVE_DATA_FILE=./data/test_text/pos.txt
VERY_POSITIVE_DATA_FILE=./data/test_text/verypos.txt

Building prefix dict from the default dictionary
Loading model from cache /tmp/jieba.cache
Loading model cost 0.614 seconds

Prefix dict has been built successfully

Input Text..
E-THERNERAMEREFEAEREIGMEESAIGIER (KEMBTEERE  QEBERAEKE. ..

Evaluating..

2018-03-19 11:36:42.875621 W tensorflow/core/platform/cpu feature_uard.cc:45] The TensorFlow library wasn't compiled to use S
SE4.1 instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:36:42.875640 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to use
SSE4.2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:36:42.875651 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to use
AVX instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:36:42.875658 W tensorflow/core/platform/cpu feature uard.cc:45] The Tensor Flow library wasn't compiled to use
AVX2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:36:42.875669 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to use
FMA instructions, but these are available on your machine and could speed CPU computations

Prediction results...

total number of test examples: 1
category: negative

Accuracy: 0.78207

BIP H%E25(3ER5)
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Parameters:

ALLOW_SOFT_PLACEMENT=True

BATCH_SIZE=64

CHECKPOINT DIR /runs/1520995995/checkpoints/
EVAL_TRAIN=True

LOG_DEVICE_PLACEMENT=False
VERY_NEGATIVE_DATA_FILE=./data/test_text/veryneg.txt
NEGATIVE_DATA_FILE=./data/test_text/neg.txt
NEUTRAL_DATA_FILE=./data/test_text/neu.txt
POSITIVE_DATA_FILE=./data/test_text/pos.txt
VERY_POSITIVE_DATA_FILE=./data/test_text/verypos.txt

Building prefix dict from the default dictionary
Loading model from cache /tmp/jieba.cache
Loading model cost ©.614 seconds

Prefix dict has been built successfully

Input Text..
@B BAMMMA <a href="https://udn.com/news/story/7266/23783"...

Evaluating..

2018-03-19 11:41:39.496231 W tensorflow/core/platform/cpu feature_uard.cc:45] The TensorFlow library wasn't compiled to use S
SE4.1 instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:41:39.496231 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to use
SSE4.2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:41:39.496231 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to use
AVX instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:41:39.496231 W tensorflow/core/platform/cpu feature uard.cc:45] The Tensor Flow library wasn't compiled to use
AVX2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:41:39.496231 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to use
FMA instructions, but these are available on your machine and could speed CPU computations

Prediction results...

total number of test examples: 1
category: very negative
Accuracy: 0.78951

BQ HiRus*x(F-4 2Bk 2)

Parameters:

ALLOW_SOFT_PLACEMENT=True

BATCH_SIZE=64

CHECKPOINT DIR /runs/1520995995/checkpoints/
EVAL_TRAIN=True

LOG_DEVICE_PLACEMENT=False
VERY_NEGATIVE_DATA_FILE=./data/test_text/veryneg.txt
NEGATIVE_DATA_FILE=./data/test_text/neg.txt
NEUTRAL_DATA_FILE=./data/test_text/neu.txt
POSITIVE_DATA_FILE=./data/test_text/pos.txt
VERY_POSITIVE_DATA_FILE=./data/test_text/verypos.txt

Building prefix dict from the default dictionary
Loading model from cache /tmp/jieba.cache
Loading model cost 0.614 seconds

Prefix dict has been built successfully

Input Text.
BUAK ARF FESHSERARSSINALLY  SEHSSBREZATEEUEAGERK. ..

Evaluating..

2018-03-19 11:41:58.786692 W tensorflow/core/platform/cpu feature_uard.cc:45] The TensorFlow library wasn't compiled to use S
SE4.1 instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:41:58.786701 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to use
SSE4.2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:41:58.786714 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to use
AVX instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:41:58.786722 W tensorflow/core/platform/cpu feature uard.cc:45] The Tensor Flow library wasn't compiled to use
AVX2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:41:58.786730 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to use
FMA instructions, but these are available on your machine and could speed CPU computations

Prediction results...

total number of test examples: 1
category: very negative
Accuracy: 0.77452

BR sz (4 751 3)
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Parameters:

ALLOW_SOFT_PLACEMENT=True

BATCH_SIZE=64

CHECKPOINT DIR /runs/1520995995/checkpoints/
EVAL_TRAIN=True

LOG_DEVICE_PLACEMENT=False
VERY_NEGATIVE_DATA_FILE=./data/test_text/veryneg.txt
NEGATIVE_DATA_FILE=./data/test_text/neg.txt
NEUTRAL_DATA_FILE=./data/test_text/neu.txt
POSITIVE_DATA_FILE=./data/test_text/pos.txt
VERY_POSITIVE_DATA_FILE=./data/test_text/verypos.txt

Building prefix dict from the default dictionary
Loading model from cache /tmp/jieba.cache
Loading model cost 0.614 seconds

Prefix dict has been built successfully

Input Text..
<!--@IMAGE_3173931_CENTER 0@-- >R F U REREMUBEE AT K. ..

Evaluating.

2018-03-19 11:42:27.217732 W tensorflow/core/platform/cpu feature_uard.cc:45] The TensorFlow library wasn't compiled to use S
SE4.1 instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:42:27.217741 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to use
SSE4.2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:42:27.217750 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to use
AVX instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:42:27.217763 W tensorflow/core/platform/cpu feature uard.cc:45] The Tensor Flow library wasn't compiled to use
AVX2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:42:27.217771 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to use
FMA instructions, but these are available on your machine and could speed CPU computations

Prediction results...

total number of test examples: 1
category: very negative
Accuracy: 0.79634

B S HA%BELEECEA2B14)

Parameters:

ALLOW_SOFT_PLACEMENT=True

BATCH_SIZE=64

CHECKPOINT DIR /runs/1520995995/checkpoints/
EVAL_TRAIN=True

LOG_DEVICE_PLACEMENT=False
VERY_NEGATIVE_DATA_FILE=./data/test_text/veryneg.txt
NEGATIVE_DATA_FILE=./data/test_text/neg.txt
NEUTRAL_DATA_FILE=./data/test_text/neu.txt
POSITIVE_DATA_FILE=./data/test_text/pos.txt
VERY_POSITIVE_DATA_FILE=./data/test_text/verypos.txt

Building prefix dict from the default dictionary
Loading model from cache /tmp/jieba.cache
Loading model cost @.614 seconds

Prefix dict has been built successfully

Input Text..
WLIEMBOBRERY  BAERZERTUEX HEHERERS...

Evaluating..

2018-03-19 11:42:59.712452 W tensorflow/core/platform/cpu feature_uard.cc:45] The TensorFlow library wasn't compiled to use S
SE4.1 instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:42:59.712461 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow li 'y wasn't compiled to use
SSE4.2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:42:59.712468 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to use
AVX instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:42:59.712477 W tensorflow/core/platform/cpu feature uard.cc:45] The Tensor Flow library wasn't compiled to use
AVX2 instructions, but these are available on your machine and could speed up CPU computations

2018-03-19 11:42:59.712482 W tensorflow/core/platform/cpu feature uard.cc :45] The TensorFlow library wasn't compiled to use
FMA instructions, but these are available on your machine and could speed CPU computations

Prediction results...

total number of test examples: 1
category: very negative
Accuracy: 0.78561

BT i s%kmasEed24a0)
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